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Table 2 Diagnosis results of welding defects based on
different algorithms
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Table 3 Input features of the test samples
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3 FN A 7.33 126.0 19.5 6.67 8.00 20

4 PRoF 6.49 143.5 19.6 4.00 8.00 19

5 L 10.45 178.0 19.2 9.67 9.30 19
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Table 4 Real value of defect causes and network output results
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Fig. 8 Weld morphology before and after parameter
adjustment. (a) before parameter adjustment; (b)
after parameter adjustment
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