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Table 1 Simulation results of mechanical properties of welded joints by GD-FNN model
o YUPisRE R,/ MPa YU RIE R,/ MPa JREERERE H (HRC) HAZ i Hy,7, (HRC)
Sia=2
W T HEE o & WA o e BEE BRULE (D
1 841 799 987 1 080 38.5 40.6 42.0 33.7
2 881 838 1157 1030 43.7 37.3 44.3 38.6
3 900 791 2 445 2 407 37.1 40.3 36.9 35.3
4 879 784 2 483 1448 40.5 37.0 35.9 34.0
5 901 910 1270 1 386 44.2 44.9 38.4 38.8
SRS R 2 (% ) 6.8 14.6 7.8 8.7
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